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Fig. 1 Pore network and fracture network combination in dual percolation model
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Fig.2  Schematic of numerical simulation
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Table 1 Parameters in numerical simulation
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Algorithm Implementation of Dual-Percolation Model of
Fractured Pore Media

ZHANG Xuhui' ZHENG Wei' LIU Qingjie’ LU Xiaobing'
(1. Institute of Mechanics Chinese Academy of Sciences Beijing 100190  China;
2. Research Institute of Exploration and Development of Chinese Petroleum Beijing 100083 China)

Abstract:  An algorithm and implementation of a dual-percolation model based on bond-percolation theory was introduced which
combines pore-network with fracture-network. Monte-Carlo numerical simulation was conducted based on statistical analysis of key
parameters 1. e. fracture population densities Fracture angles fracture lengths and pore connectivity possibilities. Fractal dimension
was presented to quantify fractal connectivity. Numerical results were in agreement with those of Balberg and Berkowitz et al. Finally
appropriate sample scale was discussed considering both calculation precision and computing time.
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