25 1 2017 1

Vol.25 No.1 Electronic Design Engineering Jan. 2017
1 2 3
(1. , 210000; 2. , 100190
3. 210000)
PageRank , o
PageRank , ,
, PageRank , Quw  PageRank d'=
(d)lyd)Z’“.’d)m)’ 3 d)T G 7TT,
Y N b 3 o
: PageRank H H H
: TNO : A 1674-6236(2017)01-0006-03

Research on updating PageRank vector
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Abstract: The score of the page content and the PageRank will require frequent updates, to provide the
latest results. How to make it easier to update the PageRank vector in order to make it possible to update
more f{requently In this paper, the problem of updating the PageRank vector is studied through the
analysis of the mathematical content of the update algorithm. Based on the PageRank vector of the
hypothesis matrix (Q,..,), we propose a new algorithm based on the three algorithms (¢p'=(,, b, -+,
¢,.)).Based on the three polymerization update algorithm, we use ¢' value in calculation of G into 7",
this paper analyzes the approximate polymerization update, precise polymerization update, iterative
aggregation update algorithm, and carries on the analysis to the three update algorithm respective
application conditions.
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